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A=[‘ETPOT_Hargr’, ‘FW’, ‘HWSD_clay’, ‘HWSD_gravel’, ‘HWSD_sand’,

‘HWSD_silt’, ‘NDVI’, ‘Porosity’, ‘SoilGrids1km_clay’,

‘SoilGrids1km_sand’, ‘SoilGrids1km_silt’, ‘T_clay’, ‘T_gravel’,

‘T_sand’, ‘T_silt’, ‘aridity’, ‘glaciers’, ‘meanP’, ‘meanTa’,

‘meanelevation’, ‘meanslope’, ‘permafrost’, ‘permeability’,

‘seasonality_P’, ‘seasonality_PET’, ‘snow_fraction’,

‘snowfall_fraction’,‘area’]

x = [P, PET, Temp]

SSCg
t = LSTM(xg

t, Ag) 
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SSCm
t = LSTM(xm

t, Am) # m is a merit basin.

SSCg
t = average(SSCm

t)

SSCG = Routing(SSCg
t, Ar, G) # G is a gage containing one or more merit basins

# Routing0: average the SSCm belong to a gage

# Routing1: unit hydrograph
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Next steps:

● Incorporate more input descriptors (connectivity? Buffer 

strips? Aggregated Geomorphic units? Management? 

Intersection(soil, slope, LULC)) and forcings (maximum 

rainfall?)

● Include more sites for training, small and large 

● Add physical constraints (sensitivity, variance, known 

relationships)
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